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Chemometrics and Intelligent Laboratory Systems, 2022, 221, 104490. 35 12

iPro-GAN: A novel model based on generative adversarial learning for identifying promoters and their
strength. Computer Methods and Programs in Biomedicine, 2022, 215, 106625.

Integrating LASSO Feature Selection and Soft Voting Classifier to Identify Origins of Replication Sites.

Current Genomics, 2022, 23, 83-93. L6 1
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Choua€™s general PseAAC via Kullback&€ “Leibler divergence. Journal of Theoretical Biology, 2018, 454, 1.7 36
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